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Abstract

Despite growing investments in evidence-based policymaking, a significant gap remains between
producing policy-relevant research and achieving policy-impactful results. This article argues
that overcoming this gap requires reimagining evidence-based policymaking as a series of
informational, translational, and organizational hurdles that policymakers face, deserving the
same rigorous academic attention as the production of evidence itself. By coalescing around an
interdisciplinary research agenda that aims to better understand — and reduce — these barriers, we
can make evidence more useful, usable, and used. In doing so, we can move evidence-based
policymaking beyond theoretical relevance to deliver meaningful social impact.



The past two decades have seen a surge in efforts to integrate data and evidence into
government. Policymakers and academics are increasingly focused on producing actionable
evidence in real-world settings, with randomized controlled trials (RCTs) playing a key role in
testing what works — and what does not — across a wide range of contexts (Abdul-Razzak &
Hallberg, 2024; Banerjee et al., 2018; Bhatt et al., 2023; Dube et al., 2023; Heller et al., 2017;
Kappes et al., 2023; Milkman et al., 2022; Toma et al., 2023). In the United States, these efforts
have been ensconced in law in the form of the 2018 Evidence Act, which requires federal
agencies to prioritize evidence-building. Globally, initiatives like the United Kingdom's What
Works Network and the OECD’s evidence-informed policy guidelines reflect similar
commitments to embedding evidence in decision-making systems (Bristow et al., 2015; ESRC,
2016; Gough et al, 2018; OECD, 2024).

And yet, most government spending is not guided by evidence-based programs or policies
(Bridgeland & Orszag, 2013). A growing anti-science rhetoric in politics and a mistrust of
academic insights in policymaking exacerbate this gap (Pearson, 2024). And an interdisciplinary
literature documents how difficult it is to take academic evidence to scale in policy settings (e.g.,
Bogenschneider & Corbett, 2010; Haines & Donald, 1998; Kajermo et al. 2010). For example,
Kremer et al. (2021) note that the evidence behind USAID-funded RCTs was only adopted at
scale in less than a third of cases, with Rao (2024) finding no association between a country’s
program evaluations and policy spending. The same pattern holds true in the US: DellaVigna et
al. (2024) document an adoption rate of approximately 30% in behavioral interventions
conducted by US cities, and find that the strength of the evidence is not a predictor of adoption.

The challenge is clear: while the academic community is producing policy-relevant research—
research with clear policy implications—we are falling short of producing policy-impactful
research that changes which programs are adopted and how services are delivered at scale.
Understanding why this gap persists and how to close it is essential for ensuring that the
evidence-based policymaking movement meaningfully improves societal outcomes. This is, in
itself, a pressing policy-relevant and policy-impact research question.

To realize its potential, evidence-based policymaking must be re-imagined as a series of
behavioral hurdles, each demanding the same level of research attention and rigor that produced
the original evidence base (see Figure 1). Taking the perspective of the user — in this case the
public servant — we need to better understand the underlying barriers at each step in this process:
What makes it hard for a public servant to know what promising evidence exists, whether it is
relevant in their context, how to translate findings into a given program or service, and how to
adopt best practice at scale within a bureaucracy? These questions do not lend themselves to a
disciplinary focus. Indeed, there exist studies in political science, organizational economics,
behavioral science, implementation science, public management, and sociology that examine
different facets of this problem. But much of the existing literature focuses on describing the
problem. For instance, a host of new studies examine the predictors of evidence use and



adoption, as well as how policymakers (and politicians) form and update their beliefs about
evidence. Building on this important foundation, we must now move beyond descriptives; we
need a comprehensive and interdisciplinary research agenda aimed at identifying and reducing
these hurdles to make evidence more useful, usable, and used.

Figure 1. The evidence-based policymaking cycle
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Making Evidence Useful

The first series of hurdles in evidence-based policymaking is informational: policymakers need
to know that evidence exists, understand its findings and its level of rigor to be appropriately
confident in the results, and ultimately value it as useful. Policymakers are, of course, humans
like everybody else, and all the behavioral biases that may affect how an individual consumes
new information — bounded rationality, inattention, ambiguity aversion, status quo bias,
availability bias and more — will also apply to policymakers and practitioners (e.g., Battaglio et
al., 2018; Bellé et al., 2017; and Moynihan & Lavertu, 2012 for examples from policy contexts).
As such, all the tools that behavioral scientists have developed to improve attention and
understanding, such as simplifying and shortening messages, adjusting the messenger, or
personalizing communications, should apply here. Recent work suggests that this is the case: the
format and presentation of evidence significantly affect how policymakers engage with findings.
For example, policymakers are more likely to engage with evidence when it is concise,



accessible, and tailored to their context (Hjort et al., 2021; Nakajima, 2021). Similarly,
policymakers are more likely to update their beliefs when the messenger is credible and the topic
is politically salient (Henig, 2009; Peterson, 2018).

Yet, we do not know whether knowing and understanding evidence makes it more useful to
policymakers, even if it leads them to update their priors on “what works.” This theory of change
presumes that policymakers will value evidence more if they understand it better. Whether this
is, in fact, the case is an empirical question. The extant literature documents wide variation
among policymakers in whether research-based evidence is considered valuable to begin with.
On the one hand, Toma and Bell (2024) note that, at baseline, policymakers’ preferences are
relatively inelastic to evidence, meaning their assessment of the value of a program does not
change substantially based on program impact measures. Hjort et al. (2021), on the other hand,
find that mayors are willing to pay to learn the findings of an evaluation, suggesting some
demand for evidence, although their sample focuses on elected officials. Bogenschneider and
Corbett (2010) similarly interviewed almost 200 US State legislators and found that legislators
range from “enthusiastic users of research” to “enthusiastic nonusers of research,” with a full
third of legislators falling into the latter camp. An open question is if this ratio has shifted further
away from science-oriented policymakers in the current political climate, and whether and how
this varies for elected officials versus public managers. But regardless of the ratio, taking
evidence to scale means better understanding and overcoming hurdles even for those
policymakers who would not a-priori see the use of evidence as useful.

The vast majority of research on evidence-based policymaking stops at thinking through Aow to
present existing research more effectively. A crucial next step is to ask what to present to make
evidence more useful. Imagine a world where all research is presented in terms of effect sizes
and statistical significance — even with clear, concise, and behaviorally-informed text and images
— yet policymakers’ judgment on whether this information is useful depends on different
components of the research that may speak to other political, budgetary, or capacity constraints
they face: How much did it cost? What are the heterogeneous effects for specific subpopulations
that are politically salient? How related is the outcome measured in the study to the outcome
residents are monitoring? What is the likelihood that communities will support this policy? How
many times has this new approach been tested and where? Emerging evidence suggests that
policymakers regularly trade-off impact measures with other factors they value such as local
proximity or constituent preferences (Carattini et al, 2024; Vivalt et al., 2024), but summaries of
results from academic research, even in policy-oriented clearinghouses, rarely include the
implementation or political economy details that policymakers may need to consider when
making decisions. As such, we do not know whether presenting this additional information
would shift perceptions of usefulness, nor how policymakers weigh all of the different factors
that could influence the use of evidence.



This reality points to an urgent need for more research on three key questions: (a) Does varying
how information is presented change demand for its use, particularly in different political
contexts and for heterogeneous populations of policymakers and practitioners? (b) How does
varying what information is presented change what evidence is perceived as more useful, in what
contexts, and for whom? And (c) in an environment where policymakers face constraints, what
are the relative weights that policy makers place on various components of evidence when
deciding what evidence is most valuable to consider? More broadly, is evidence more useful
when it answers questions that a government has actually asked?

Making Evidence Usable

The second series of challenges is translational: even when evidence is deemed useful,
policymakers may face barriers in translating the insights from one context into their own.
Translating findings is difficult even in purely academic circles. Camerer et al. (2018) for
example, show that only 13 out of 21 social science experiments in Science or Nature replicate,
with the effect sizes being half as large as the original studies, in line with research on the
“voltage drop” (Kilbourne et al., 2007; List, 2022). Literature on the “transportability” problem
also notes the various conditions under which insights from an experiment in one setting may
(not) apply in other contexts (Bareinboim & Pearl, 2013). When we ask policymakers to
“translate evidence into policy” — to make it usable in their own context — we are asking for
something much more difficult. Rather than simply repeating the same intervention in a similar-
enough context (with an emphasis on fidelity to the original model), we ask policymakers to
essentially produce a “conceptual replication” — parsing out the mechanism behind an
intervention, making an educated guess on whether the same mechanism would apply to a new
population and outcome, and using those hypotheses to adapt existing evidence into their own
context and take the idea to scale. This requires understanding not simply “what works”, but also
why and how it works.

Two specific challenges emerge. First, successful translation of evidence requires understanding
the conditions in which it was generated. Implementation science has underscored the critical
importance of context, design decisions, organizational structures, and other systemic factors in
shaping the outcomes of interventions. Studies have documented how even small changes in
these variables can significantly alter effectiveness (e.g., Damschroder et al., 2009; Proctor et al.,
2011). Even in cases where an intervention has been rigorously tested with the gold standard of
evaluation, a randomized controlled trial, only a small number of interventions have been
replicated multiple times in different contexts, and an even smaller subset have been replicated
outside of WEIRD (Western, Educated, Industrialized, Rich, and Democratic) settings (Rad et
al., 2018). This matters both because a literature on “site selection bias” points to a positive
correlation between sites used early in experimentation and effect sizes (Allcott, 2015; Wang &
Yang, 2021), and because ideas that have only been tested in a very narrow set of policy contexts



may limit a policymaker’s ability to ascertain whether a given intervention may be usable in their
own context.

Second, recent debates on the average effects of behavioral interventions have shed more light
on the continued challenge of publication bias in academia (e.g., Andrews & Kasy, 2019;
Brodeur et al., 2016; Simonsohn et al., 2014). If the only evidence that is published or shared
widely is surprising success stories (that may or may not replicate in other contexts),
policymakers may expect larger effects when they translate these findings into their own
contexts (DellaVigna & Linos, 2022). This could create a long-term barrier to evidence being
usable: When interventions are implemented and the results prove to have a lower-than-expected
effect, this could create negative feedback loops for future trust in — and use of — both
experimentation and evidence (Briscese & List, 2024).

The sobering implication of these challenges is that policymakers cannot — and should not —
expect similar effects when they try to translate evidence-based interventions into their own
contexts, especially if some part of the delivery of the intervention or the target population is
fundamentally different than the original study. Instead, until we understand what works, for
whom, and when across a host of policy settings, best practice would suggest that policymakers
rigorously pilot test any new intervention in their own context.

This requires a research agenda that seeks to first understand how to build demand for and
reduce barriers to experimentation — not just evidence adoption — both amongst academics and
policymakers. In an ideal world, this would also involve more coordination across sites for field
experiments on the same issue, in an approach used by the MetaKeta Initiative and others
(Dunning et al., 2019). We know surprisingly little about what levels of support and internal
capacity or what types of interventions are more likely to create demand for experimentation and
replication in government, especially across sociopolitical contexts, and even less about how to
shift these capacity constraints.

Second, we need to ask what factors influence replicability of tested interventions across
contexts. Traditional fidelity-focused models of replication emphasize adherence to a rigid
protocol in order to understand effects at scale. A research agenda focused on improving
evidence-based policymaking may need to instead consider an approach that prioritizes
adaptation within evolving contexts (Aarons et al., 2012; Chambers et al., 2013). These models
allow for greater flexibility and responsiveness, but raise important empirical questions such as:
Does allowing for more flexibility in implementation conditions lead to higher translation of
evidence? Does the translated version maintain similar effect sizes as the original study? And,
ultimately, does this approach make existing evidence more usable?



Making Evidence Used

The third series of challenges is organizational: even when political actors know and value
evidence as useful, and have translated some evidence into their context through a pilot
experiment, there are a number of barriers to sustained adoption at scale. Dellavigna et al. (2024)
document that about 30% of “usable” interventions are in fact used by the same cities that tested
them. In other words, less than one-third of city departments in the US that experimentally tested
evidence-based interventions ultimately ended up adopting them in the long-run. The same
patterns likely hold true in private and non-profit sectors as well (e.g., Athey & Luca, 2019; List,
2022).

A broad literature points to a number of barriers that may influence organizations’ ability to
adopt evidence, even when it is useful. First, some organizations may not have the routines,
practices, or managerial structures that would make them “learning organizations” (Moynihan &
Landuyt, 2009) or may not have the informal relational contracts and manager-employee trust
that underpin adoption of many best practices (Gibbons & Henderson, 2012). Other literature
examines how a lack of “organizational slack” - determined by size, wealth, and personnel — may
limit innovation and the use of evidence (e.g., Argote & Miron-Spektor, 2011; Besley & Persson,
2009; de Vries et al., 2015). In particular, larger or wealthier organizations may, almost by
definition, have more resources to be able to adopt new evidence (Fernandez & Wise, 2010;
Naranjo-Gil, 2009). But little is known about what strategies or approaches can effectively shift
organizational practices to increase evidence use.

A second barrier to adoption is organizational inertia or a tendency to maintain the status quo.
DellaVigna et al. (2024) found that the main predictor of adoption was whether the treatment
was tweaking an existing process. Put differently, in the sample of cities studied, incremental
improvements to existing infrastructure were much more likely to be adopted than interventions
that required new processes. This may suggest a need to shift how we think about the trade-off
between different types of interventions. For instance, rather than prioritizing interventions that
will give us the largest impact on policy outcomes in the abstract, we may want to measure
policy success by likelihood (or feasibility) of adoption at scale, when designing interventions
for practice, that may make lighter-touch tweaks to the status quo more appealing. But the
underlying mechanisms are not yet well understood. It could be the case that incremental
improvements are more likely to be adopted simply because of organizational capacity: it
typically requires more resources to adopt a new process than modify an existing one. But it is
also possible that adopting a new process requires stakeholder buy-in that is not required for
incremental “tweaks.” This points to a third potential barrier to adoption: political context.

The political environment of an organization can influence its willingness and ability to use
evidence. Policymakers do not make decisions in a vacuum and a single public servant or
political leader rarely has the ability within an organization to “adopt” evidence. A large



literature on policy diffusion points to many factors that influence political buy-in for an idea,
including relationships between political leaders, windows of opportunity, or key policy
champions (Baumgartner & Jones, 1993; Boushey, 2012; Oliver et al., 2014; Shipan & Volden,
2008). But there is little evidence on how to build buy-in within a political context or agency, nor
on whose buy-in is most consequential when it comes to evidence use or how this differs by
organizational factors.

More broadly, although we have a growing body of compelling research on what predicts
evidence use and adoption, we have a dearth of experimental research on how to influence this
process. This would require moving beyond studies that test how to reduce information,
knowledge, and experimentation barriers, in order to evaluate — with the same rigor that is used
to test the original intervention -- what works in supporting organizations to adopt evidence. The
time for these evaluations is now. Building on previous investments that fostered the evidence
base around “what works” for critical policy outcomes, large investments are now being made in
strategies that are commonly believed to motivate evidence use: hundreds of millions of dollars
are spent on trainings, technical assistance, and clearinghouses, all aimed at increasing adoption
of best practice or evidence. But these approaches are rarely tested empirically, nor are they
tested against each other.

This underscores the pressing need for research on what works to increase actual adoption of
evidence including: (a) What types of support for policymakers increases adoption? (b) How can
existing networks be leveraged to spread evidence and increase adoption among members? And
(c) what types of infrastructure and human capital investments in government shift the ability of
policymakers to adopt evidence at scale?

Conclusion

We are still in the early stages of understanding how evidence can inform practice (as well as
how practice can inform evidence) and, in particular, how to effectively bridge the research-
policy divide. Making government more evidence-based is not simply a matter of giving the
right people the right information. In the same way that researchers have known for decades that
telling people they should go to the gym doesn’t magically lead to consistent exercise habits, the
gap between presenting the evidence and ensuring its sustained use at scale is inherently a
behavioral research question. The challenge is also not a one-stage problem; it involves
overcoming a series of hurdles that will require academics, policymakers, and the larger
evidence-based policymaking ecosystem to shift their behavior.

In academia, we need to start seeing the use of our own research findings — particularly its ability
to be translated into new contexts and understood by a wide range of actors — as an important
research question in itself, rather than afterthought or something left to the purview of
communication teams. This may require setting up new models for research-practitioner



collaborations that allow academics to be directly responsive to urgent policy priorities while
still conducting rigorous research that contributes to generalizable knowledge. It may also
require researchers to collect and present other types of information in publications, as well as a
broader incentive structure that both allows for and encourages more replications and
coordinated experimentation in cohorts.

In policy and practitioner communities, while there is a growing investment in conducting
rigorous experimentation in government, the results we see are limited to a very small subset of
government agencies. Importantly, even amongst those early innovators who have conducted
experiments, the next stage of this process is for policymakers to invest in adoption of evidence
up-front. This could include building commitment tools or other mechanisms through which a
new piece of evidence is adopted, should it prove to be effective in testing. It also requires
investments in the people, processes, and platforms in government that will make adoption more
seamless, once evidence exists. Philanthropic organizations and other funders will play a critical
role in determining whether these questions of implementation and adoption are considered
equally valuable behavioral questions as more traditional behavioral economics questions, and
they have a particular role to play in investing in innovation capacity within government as
opposed to building workarounds.

Last, the broader ecosystem of evidence-based policy practitioners — that includes researchers,
practitioners, as well as “bridge” organizations, consultants, advocacy groups, and funders — are
critical to ensuring that evidence is truly relevant to policy. As a community, we must commit to
transparency of results, regardless of the outcome, and encourage comfort with small (but real)
effects. Crucially, actively expanding who is involved in the production of evidence, both by
including more voices in the co-design of interventions and in the selection of outcome metrics,
may be critical in creating more trust in science and more trustworthy science. Now, more than
ever, as growing anti-science rhetoric threatens to further separate data and evidence from
policymaking, we have an obligation to reimagine the process of understanding, translating, and
adopting evidence as a series of behavioral pain points that warrant the same level of academic
study and inquiry as the evidence production to begin with. If we pursue this interdisciplinary
research agenda, we will ensure that the evidence-based policymaking movement meets its
potential: better policy outcomes through facts.
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